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Interpreting some of Twitter’s API changes

August 16, 2012 ¢ oo * ( Read Later

Twitter has posted some of their upcoming API-policy lockdowns and restrictions in this
post from Michael Sippey, euphemistically titled “Changes coming in Version 1.1 of the
Twitter API".

First, from Twitter's Display Guidelines, which will become requirements for all apps:
“Individual Tweet” section

Embedding tweets in a blog post in any way other than their dynamic embed code is
effectively prohibited:

or the user

Doing Sociology with Twitter?

Issues of ownership and control in live social research....

(or: challenges to methodological sovereignty)
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Digitization is enabling new ways of organising social life as well as of
analysing it (Law, Ruppert and Savage, 2010)

‘_

Digitization may also reconfigure the relation between social life and its § ,,
analysis (Rogers, 2010; Kelty, 2008)

The facilitation and analysis of social life intersect in potentially new
ways in digital platforms:

How does this affect the relations between the object, methods and
concepts of sociological research? those between data, techniques

and methods?



The promise of digitization
for sociology -
some explanations

- Explosion of social traces and of analytical devices
deploying this traceability of social life (Beer, 2012)

- Digital platforms materialize sociological concepts
and phenomena, such as ‘the performance of the
self’ (Hogan,2010) or actor networks (Latour and
Venturini, 2012)

- Real-time research: digitization highlights the
potential of social research techniques to intervene
in social life (Back and Lury, 2012).

Do these explanations consider the changing divisions of
labour in digital sociology - if so how?




The re-distribution of social research

Digital techniques play a key role in formatting the empirical object of
soclal research: this affects the division of labour in social research:

1) it changes the distribution of agency between data, technique,
method (eg the data organise the research design)

2) to do research with digital platforms is to import categories that
are native to the medium into social research

B ow to render this productive for social research, derive analytic
€ capacities from the medium for sociological research?




[ Watch the drama unfold on Twitter

Monday

Twitter and the re-distribution of social SOUmtE Do
research methods

08:32AM

@RupertMurdochPR
. . . g . _ .y . : ' 4 RupertMurdochPR
Twitter bears some similarities with participatory traditions in social m .
research, such as the mass observation movement (Savage & Burrows, You pack of liney mongrels, i i
2009) wasn't for me and #notw you

would never have known that
celebrities like cocaine and vicars

non-sociologists (users) act as observers get randy.

Twitter as an analytic apparatus poses constraints:

vote
priority
mp

The challenge for sociological research: wednesday
stop

tell
powergrab

restricted data capture, opaque sampling the ‘tweet’ as unit of
analysis, the phenomenon of the trend

How can Twitter as a research apparatus — and analytic culture — be
re-purposed for sociological analysis?


http://www.guardian.co.uk/media/interactive/2011/jul/13/news-of-the-world-phone-hacking-twitter%20
http://www.guardian.co.uk/media/interactive/2011/jul/13/news-of-the-world-phone-hacking-twitter%20
http://www.guardian.co.uk/media/interactive/2011/jul/13/news-of-the-world-phone-hacking-twitter%20
http://www.guardian.co.uk/media/interactive/2011/jul/13/news-of-the-world-phone-hacking-twitter%20
http://www.guardian.co.uk/media/interactive/2011/jul/13/news-of-the-world-phone-hacking-twitter%20
http://www.guardian.co.uk/media/interactive/2011/jul/13/news-of-the-world-phone-hacking-twitter%20

re-purposing Twitter for social

research?

Twitter StreamGraph for climate change

e The rise to prominence of live research: the
tracking of the currency of actors and issues
In real-time

e Liveliness: Can we analyse the activity of
Issues in other terms than currency?

e As opposed to liveness: currency or hotness.

How to study the happening of issues?

twitter;

(How to study popularity?)

you doing?




Case study : Lifelines of issue terms

Focus on hashtag mining as
technique for analysing variability of
Issue terms over time.

1. Are hashtags a suitable format for analysing liveliness of issue terms?
2. What are the possible alternatives for frequency analysis?

* Rather than defining what rises and falls (Downs 1974), we may detect what is f:r} ,
active and changes in association. 1_ —
e Co-word analysis: methodological strategy to study innovations dynamics -

(Callon et.al 1983), and happening content (Danowski 2009, Marres & |

Weltevrede, 2012). 1




Twitter Analytics

—Data Selection

Select the dataset:
( climate change --- 204795 tweets from 01 Feb 12 to 22 Jun 12

Select parameters:

Query: (smpy: contaning any texi) e Twitter data for “Climate Change”.
S B e Period: 01.02. - 15.06

From user: {empty: from any user)

S et i e [nterval: six 2 week intervals

Enddate: 2012-06-22 {(YYYY-MM-DD)

e Total 204795 tweets.

—Overview of your selection . . .
N s s * Focus on hashtags, their variation &
Search query: ‘ Wi internal relations.

Exclude: W Tweets
From user: (“ St
Startdate: 20120301

Enddate: 2012-08-22

Number of tweets: 203788

Project conducted during the Co-word
Machine (Goldsmiths) and the Digital
Methods Summer School (Amsterdam)

4,000

: Noortje Marres, Carolin Gerlitz, Esther
Weltevrede, Erik Borra, David Moats, Sara
Kjellberg, Tally Yaacobi-Gross, Jill Hopke,
Kalina Dancheva, Diego Dacal, Alessandro
Brunetti, Johannes Pal3mann, Albrecht

TR L L R R e E R R EE ey | Hofheinz, Colleen Reilly, Bernhard Rieder.

1,000




QUESTION: What are the top hashtags per interval and how microsoft il

do they vary over time?

SELECTION: 1) Frequency measures
2) Co-word analysis

/7 service " network |

yoars oud / -~
;/

& \ (feb)

SIS Talall=

( launches

N

app>/f«\

4
_/'\ '
/ ¥/ |
( numans

\\

\_ \\ ‘ /

1. Hashtags over time

/ software
slashadot

//
/

{
\\ ipa@

/—\ N claims cookies ,.___
/’—\\\t /
aops\/ ‘ \/
// privacy
\

_ tech))
/’f?} eeﬁ(\li(_:h/

push o ~
| office
\\ \
N \
/] N supercomputers ’



O

= = ap
) P 5 c

w —
(@) < < =
' P4 [ o ©
O = O T © 2
z 9 =z ~ g - =
28 % & 38 S =
b v > Vn..mv.WE
40 2 2 &g & 8 o 2 °
O << W o v T +£ £ oo oo
u—H##u—H######

§ 1/90/1¢
Z1/90/61
¢T/90/LT
T1/90/ST
Z1/90/€1
¢1/90/11
¢1/90/60
| TT/90/L0
¢1/90/S0
T1/90/€0
71/90/10
T1/50/0€
¢1/50/8¢
71/50/9¢
T1/50/v¢
¢1/50/T¢
| T1/s0/0T
T1/50/81
T1/50/91
T1/S0/¥v1
Zr/so/ct
¢1/S0/0T
71/50/80
| T1/50/90
21/50/%0
| ¢1/s0/20
¢1/v0/0¢€
T1/%0/8¢
T1/%0/9¢
T/v0/ve
T/v0/Tt
¢1/v0/0t
¢T/v0/81
T1/v0/9T
TT/v0/¥T
T/v0/Tt
¢1/v0/0T
¢1/%0/80
T1/%0/90
T1/%0/%0
| 21/%0/20
T1/€0/1€
¢1/€0/6¢
T1/€0/L2
T1/€0/S¢
zt/g0/€e
¢1/€0/1¢
¢1/g0/61
¢T/€0/LT
¢1/€0/ST
CT/€0/€T
CT/€0/11
| T1/€0/60
T1/€0/L0
T1/€0/S0
¢1/€0/€0
| C1/€0/10

ts of frequency
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The

Overview Top10 #tags (without #climate and #climatechange)

e Question of medium-specificity (on
Twitter issues are likely to last a day)

what is a hashtag (publicity device,

* Frequency helps to understand
Issue transformer).

e Bursts have short durations.

Top hashtags per day.
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Co-word analysis

Brings Network analysis to bear on textual data.

Focus on co-occurrence of terms, hashtags,
keywords.

Detecting emergence of new terms in relation to
other terms

Methodological strategy to study happening content
(Callon et.al 1983; Danowski 2009).

An alternative to word frequency analysis?

——

@tag co—occu’rr’e’hcg #ows
¥1.2011 - 24.11.2011



W] Top hashtags in the ‘climate change’ space
FHA in 'witter over time.
TN March 1 - June 15, 2012
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4. Actors profiling

What techniques can we use to further qualify

the issues?

can we use associational logic to produce
. typologies of hashtags?

Elements of hashtag profiling

e URL profiling: identifying & categorising hosts
mentioned together with hashtag.

e Actor profiling: identifying key actors using the

[ddd!

#globalwarming Wco2 fichange Ndrought flood Neconomics #health Ncopenhagen Wcoplb Ncancun wflooding

environment wFtcot #icleancloud Ndt Meco Hows



WAHI Hashtag profiles W politics
FEA URL pr'Oflle for #ows organisation

B redia outlet
social media

B nens

B blogs

Savethea r Cth' Org (1 18) truth-out.org (7) occupyboston.org (6)

commondreams.org (6)  blogs.kged.org (6) insideclimatenews.org (4) thinkprogress.org (4)
occupythegame.com (3) stwrorg (3) climatedots.org (2) occupycorporatism.com (2)
worsethanbad.org (2) counterpunch.org (2) globalissues.org (2) act.credoaction.com (2)
kplu.org (1) voterocky.org (1) wrnews.org (1) transitionnetwork.org (1) alternet.org (1)

grain.org (1) gristorg (1) occupylive.org (1) climate-connections.org (1)

twitter.com (45) youtube.com (4)  vimeo.com (8) twitpic.com (3)

p.ost.im (1) occupysydney.visibli.com (2) paperli(l) flickr.com (1)

systemofthinking.visibli.com (1)



WHI Hashtag profiles

WHA users per hashtag
JJ
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3. Associational profile

ldentifying hashtag lifelines through
relational profiles.

e Associational profiles: Detect
changing co-hashtag relations over
time.

e Which hashtags co-occur with each
other?

e Stable or fluctuating association?




Associational profiling

_ A [ - D [ E ] F ]

-1 key time degree similarity associational profile in out
~ 2 |#environment 0 2 #politics (1), #climate (1)
3 | #environment 1 5 0 #ows (1), #clean (1), #climatechange (1), #fish (2), #wind ( #wind (2), #fish (2), #climatechange (2), #clean (2), #climate (2), #pc
4 | #environment 2 10 0 #esg (1), #innovation (1), #energy (1), #sustain (1), #carbo #amherstma (2), #sustainability (2), #climate (2), #§ #wind (2), #fish |
5 |#tarsands 0 14 #fqd (6), #ceta (3), #climate (8), #pmbharper (2), #report (2), #unfcce (1), #law (1), #cdnpoli (2), #abpoli (3), #cndpoli (7), #oilsan
6 |#tarsands 1 5 0.028171808 #ngp (1), #unfccc (1), #agw (1), #science (1), #climatechan #climatechange (2), #science (2), #agw (2), #ngp (2 #cndpoli (2), #ak
7 |#job 0 1 #missouri (1)
8 |#job 1 6 0 #ca(3), #san (4), #california (3), #jobs (4), #intern (4), #act #intern (2), #action (2), #jobs (2), #california (2), #s. #missouri (2)
9 |#energy 0 1 #climate (1)
10 |#energy 1 6 0.40824829 #earthconservation (1), #data (1), #eco (1), #politicians (1 #clean (2), #politicians (2), #eco (2), #earthconserv: #iclimate (0)
11 |#energy 2 9 0 #esg (1), #environment (1), #innovation (1), #sustain ),  #globalwarming (2), #climatechange (2), #argentin: #iclimate (2), #cl
12 |#green 0 8 #cdnpoli (1), #climate (4), #agw (1), #bcpoli (1), #cndpoli (3), #eu (3), #tarsands (3), #fail (1)
13 |#green 1 3 0 #footprint (1), #mobile (1), #ict (1) #ict (2), #mobile (2), #footprint (2) #eu (2), #tarsant
14 |#green 2 15 0 #policy (1), #minority (1), #action (1), #blog (1), #carbonta #governance (2), #econdev (2), #regions (2), #globz #ict (2), #mobile
15 |#agw 0 5 #cdnpoli (1), #climate (1), #green (1), #bcpoli (1), #climatechange (1)
16 |Hagw 1 15 0.076980036 #copi8(12), #copl7 (12), #unfcee (13), #un (5), #tcot (4), - #carbon (2), #vic (2), #ngp (2), #tarsands (2), #scien #bcpoli (2), #cdn
17 |#globalwarming 0 2 #climate (2), shows (2)
18 |#globalwarming 1 4 0.534522484 #climate (1), shows (1), #eco (1), #climatechange (2) #climatechange (2), #eco (2), shows (-0.666666666 shows (0.66666¢
19 | #globalwarming 2 6 0.507092553 #climatechange (4), #oil (3), #energy (3), #argentina (3), # #action (2), #argentina (2), #energy (2), #oil (2), #cl #eco (2), shows |
20 |#unfccc 0 6 #law (1), #cdnpoli (1), #tarsands (1), #pmharper (1), #climate (1), #report (1)
21 |#unfccc 1 10 0.018202892 #copi8 (12), #copl7 (12), #agw (13), #un (5), #tcot (4), #e #ngp (2), #science (2), #climatechange (2), #eu (2), #climate (2), #pr
22 |#unfecc 2 3 0 #climate (4), #newzealand (4), #australia (4) #australia (2), #newzealand (2), #climate (2) #ngp (2), #tarsar
23 |#climatechange 0 1 #agw (1)
24 |#climatechange 1 23 0.165030851 #climate (1), #congress (1), #health (1), #flooding (1), #clir #ngp (2), #futurewewant (2), #economics (2), #oils: #agw (0)
25 |#climatechange 2 12 0.230021853 #stupid (1), #riverrally (1), #carbontax (1), #green (1), #cit #sydney (2), #rpcd (2), #oil (2), #energy (2), #stupid #unfccc (2), #ngj
26 |#copl8 1 6 #copl17 (12), #unfcec (12), #agw (12), #un (5), #tcot (4), #eu (1)
27 |#copl? 1 6 #cop18 (12), #unfcec (12), #agw (12), #un (5), #tcot (4), #eu (1)
28 |#health 1 7 #climate (434), #flooding (433), #cleanairact (10), #congress (3), #climatechange (1), #ows (1), #eco (1)
29 |#health 2 6 0.998238141 #climate (28), #flooding (27), #cleanairact (2), #ncds (1), # #security (2), #pogoblog (2), #ncds (2), #cleanairact #ows (2), #eco (.
30 |#flooding 1 6 #iclimate (433), #health (433), #cleanairact (10), #congress (3), #climatechange (1), #ows (1)
31 |#flooding 2 4 0.998995767 #climate (27), #health (27), #cleanairact (2), #pogoblog (1 #pogoblog (2), #cleanairact (-1.3333333333333), #| #ows (2), #clima
32 |#san 1 6 #ica (3), #california (3), #jobs (4), #intern (4), #job (4), #action (4)
33 |#jobs 1 7 #ica (3), #san (4), #california (3), #intern (4), #job (4), #action (4), #intjobs (1)
34 |#intern 1 6 #ica (3), #san (4), #california (3), #jobs (4), #job (4), #action (4)

35 |#policy 2 4 #minority (1), #action (1), #blog (1), #green (1)



W H | Hashtag
FWH B ossociational profiling

TN #drought prototype

{3} appearing % disappearing

{3 #mexico

{3} #flood T #flooe

{3 #emissions T #uk T #rivers

0 #adaptation ' #change ? #yorkshire ’ #agricolture ’ #cancun

{3 #mudslide T vadeptation T #kochtopus T #education ¢ #co2 T tafrice

{3 #economics ’ #emissions T #green ' #extremeweather ¢ #coplb {3 #cdaptation
0 #copenhagen Q #kochtopus Oloxtronouoothor c #environment ' #copenhagen 0 #kizwchili
{ #co2 {} #yorkshire {3 #education T #africe ¢ #economics {3 #tanzania
{J #cop16 O #£green { #agricolture @ #mexico Q #nudslide 0 #zindebele
{3 #concun {} #environment O #rivers ? #maize ' #flood {3 #zinbabwe
{3 #change ¥ #uk {J #maize ¥ #flood {3 #africa {3 #poverty

e1.93 - 15.@3

16.03 - 31.@3

01.24 - 15.24

16.24 - 30.04

91.95 - 15.05

16.95 - 31.95
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Conclusion

mapping

online
Issue Mapping About t
Main * How does media liveliness map into issue
News : :
?
Rbcioés liveliness:
Tactics Issue Mapjie o iual :
e B M§d|a liveliness: bursty hashtags, hashtag
Tools would say decline.
Readings & Materials issue?’, ‘w
o issues hap , : PP :
el M * Can we conceive of medium-specificity and issue
Register PPINg

R specificity as a spectrum?

B o

online; bec
visualisatig
investigated in social and cultural research with the aim of developing new research methods
(digital methods, live methods, post-social methods, plastic methods). Issue Mapping is

specifically concerned with the application of online techniques, methods and content for the

analysis of current affairs.
www.Issuemapping.net

* Can we establish it empirically?




Thank you.



